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1. BACKGROUND  

There is broad consensus on the need for decisions to be evidence-based to improve the delivery 
of equitable and sustainable water and sanitation services and to meet the Sustainable Development 
Goals. In response to this recognition, increasing volumes of data are being produced in the sector. 
This is in part to address the relatively low level of public investment in the area to date and also to 
make use of existing technological innovations (e.g., Information and Communication Technologies 
and machine learning) which can improve data collection, presentation and interpretation. New data 
solutions and technologies have been typically driven by international aid agencies, consultants and 
donor organizations in the water and sanitation sector, often convinced of the power of data to inform 
and improve decision-making from their own techno-cultural assumptions and perspectives.  

The production of more and better data assumes that there is an end-benefit in applying these data 
to improve decision-making, and that this ultimately leads to better water and sanitation service 
outcomes. However, multiple examples of monitoring information not being used by decision makers 
suggest that these investments in monitoring are not always yielding the expected transformative 
changes, but evidence is limited and not well documented.  

This study seeks to further the understanding of the links between data production and decision-
making and to identify the factors that influence and leverage the use of data in decision making. It 
is also intended to provide recommendations to data initiators, funders, and users to support this 
process more effectively. It is grounded in the dual recognition of decision making as a complex 
behavioral process and that incentives for data use will vary across different contexts and combine 
institutional, political, cultural, and individual factors.  
 
The research was carried out in two phases over the period July 2020 to October 2021:  
 
Phase 1 focused on summarizing the current understanding of the link between data and decision 
making in the water sector. It also explored data initiatives from their design to their application to 
determine how these have been developed and used in the Global South. This phase was conducted 
through a literature review, as well as interviews with key sector stakeholders and resulted in a short 
report including a preliminary conceptual framework.1   

 
Phase 2 focused on testing this conceptual framework on five examples of real-life decision-making 
cases to better understand factors that play an enabling or limiting role in the data- decision-making 
relationship. Research into these cases included the identification of minimum thresholds that need 
to be in place for data to be effectively used in decision making, as well as to identify important 
influencing and leveraging factors. This phase has been conducted through a combination of 
document review, Key Informant Interviews (KII) and a factor analysis and has resulted in the 
production of five case study reports, along with this report summarizing findings of both phases. 
Both phases were guided by research questions presented in figure 1.  
 
Figure 1. Research questions guiding phase 1 and 2 

 Main research questions Source 

Phase 1: developing 
a framework, to 
conceptualize the 
relationship between 
data production and 
decision making  

What are the known drivers of decision-making in general 
and in the water and sanitation sector in particular?   

Literature review 

How and where can data be used in water and sanitation 
decision-making and at which level?   

Literature review 

How were (six selected) data initiatives developed (when, 
what the drivers were, what it contains, who it is for)?   

Key Informant interviews 

Is the data being used by intended consumers; by 
decision-makers in permanent institutions?   

Key Informant interviews 

If data has not been used, what are the perceived barriers 
to take up and use the data available?   

Key Informant interviews 

How can we conceptualize the relationship between data 
production and decision making?  

 

 
1 Boulenouar, J and Lockwood, H. Data in water and sanitation: Bridging the gap between ‘technically 
brilliant’ and real-world decision-making. 2020  
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Phase 2: testing the 
conceptual 
framework in five 
real-life cases to 
inform 
recommendations  

How can we characterize the factors that play a role in the 
data to decision making process in each case (i.e. how 
does each factor of the conceptual framework score)?  

Document review 
Key informant interview 

What are the thresholds for factors to influence the use of 
data in decision making? 

Factor analysis and 
expert validation 

What is the relationship between factors? What factors 
matter the most? Which of these factors can be seen as 
an entry point to influence others?  

Factor analysis and 
expert validation 

How do case studies inform the revision of the conceptual 
framework? Should other factors be considered?   

Internal validation  

 

2. FINDINGS FROM THE LITERATURE  

2.1 UNDERSTANDING OF THE DATA TO DECISION MAKING PROCESS 
 
Given the limited documentation available on this topic in the water and sanitation sector, sources 
from within and outside of the sector were studied to build a comprehensive understanding of the 
full data to decision chain. 
 
From the water and sanitation literature, i) the key functions and types of decisions along with ii) 
the data production and rational for it were identified. From the behavioral science literature, key 
concepts related to evidence-based decision making were consolidated and transposed to water 
and sanitation to i) characterize the possible data uses; ii) conceptualize the relationship between 
data production and data use.  
 
KII with stakeholders involved in six data initiatives were conducted to reconstruct the process of 
developing and applying these specific initiatives in various contexts. Together, findings enabled the 
development of a conceptual framework and an evaluation framework and the consolidation of 
factors that can play a (supporting or hindering) role in the data to decision making process.  
 
Who makes decisions in the water and sanitation sector?  
 
There is broad agreement that water and sanitation decisions are taken by different sets of actors, 
in relation to three key functions:2   
 

1. Policy making: decisions relating to macro-level planning and funding allocations, as well as 
normative functions that shape the enabling environment, carried out by national 
government ministries and other agencies (e.g., regulators or standard setting bodies).  

2. Service authority: decisions relating to monitoring, regulation, and oversight of the service 
provider, planning and coordination of efforts and resource allocation via public funds. In 
most decentralised country contexts, these are carried out by local government.  

3. Service provision: decisions on the daily management of services, administration and 
including operation, maintenance, and management of assets, usually taken by service 
operators.  

 
How can data be used?  
 
Although there is no single framework available for characterizing the purposes for which monitoring 
data can be used for decision-making, the combination of existing frameworks enables the following 
understanding:  
 

• When monitoring data is collected in the water sector, it can be used for i) managing 
implementation and expenditure, ii) managing assets, iii) managing services, iv) tracking and 
enhancing institutional capacity, v) evaluating impacts and vi) formulating policies, plans and 
budgets.3 

 
 
3 Smits et al, 2013 
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• Together, these can be aggregated into two broader objectives4: i) holding individuals, 
organisations, and institutions accountable for the actions outputs and outcomes against 
specific planned results, deliverables, or targets and ii) facilitating learning and improving 
performance in all key functions and at all levels.    

 
Another methodology identifies four categories of possible data use, which correspond to conceptual 
uses of data and can support any of the above objectives:5 
 

i. Instrumental use is the use of information to find or select a solution to a problem and 
give direction to policy and practice.  

ii. Conceptual use of information provides decision-makers with new ideas, concepts or 
generalizations that influence their view of a problem.   

iii. Symbolic role played by information involves the use of information to justify or legitimize 
pre-existing preferences or actions.  

iv. Decision-making can also take place with no use of information and be driven by other 
factors alone such as political, ideological financial or perceptions.  

 
How can the relationship between data and decision making be modelled?  
 
The models available to conceptualise this relationship range from a linear understanding which 
assumes decision making is a rational and one-way process with information transmission 
disseminated and incorporated into decisions; to relationship models which consider the degree of 
use of information in decision making as a function of the relationship between the quality of 
interaction between stakeholders producing the data and those using the data. And finally, through 
to systemic models, which consider this as a complex process embedded in relationships amongst 
actors (producing and using data) and involving a multitude of factors constantly interacting and 
evolving.  

2.2 DEVELOPMENT OF FRAMEWORKS 
 

2.2.1 INITIAL CONCEPTUAL FRAMEWORK 
 
Given the growing recognition of the influence of social, political, and economic factors, as well as 
the role played by behaviours and incentives in delivering public goods such as water and sanitation;6 
the authors adopted the systemic model for framing and understanding the relationship between 
data and decision making. This systemic understanding was consolidated into an initial conceptual 
framework which represents the different types of decision-makers at the centre, influenced by a 
host of factors identified in the literature,7 to use data in various possible ways (instrumentally, 
conceptually, symbolically, or not at all) in their decisions.  

2.2.2 EVALUATION FRAMEWORK  
 
An evaluation framework was derived from this conceptual framework, identifying 12 factors that 
play a supporting or hindering role in the data to decision making process, grouped into three 
categories: i. data characteristics; ii. capacities to interpret and use data; and iii. motivation to use 
data. For each factor and decision, a threshold value was set, corresponding to the prerequisite level 
at which the factor is believed to be, to enable the use of data in the decision- making process.  
 
The conceptual framework is presented in figure 2 and the evaluation framework in figure 3 below. 

 
4 Binnendijk, 2001; Hailey and Sorgenfrei, 2004; Kuster and Batjes, 2017 
5 Rich, 1997; McKenzie et al; 2014; Weisse, 1979 
6 Huston et al; 2019 
7 Factors identified from the various models are data features, social networks, willingness to collaborate, 
political, institutional structures, attitudes, socio-economic considerations, capacities, motivations, interests 
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Figure 2. Conceptual framework of the use of data in decision-making   
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Figure 3. Evaluation framework for conducting the case studies  
Category Factor Score 

Score 1 Score 2 Score 3 Threshold 

Data 
characteristics 

Data (and 
information) 
relevance 

Content of 
parameters 
and indicators 

Not relevant for 
informing decision-
making 

Relevant for informing 
decision-making 

Customised for 
informing decision-
making 

2, for all decisions 

Timing One-off/periodic Annual Monthly 1 for water quality mitigation decisions in Kabarole district, Uganda;  
3 for operational decisions within SWN Ghana;  
2 for all other decisions.  

Scale of data Case or sample District census National census 1 for water quality mitigation decisions in Kabarole district, Uganda;  
1 for operational decisions within SWN Ghana ate water station level, 3 for 
operational decisions within SWN at national level;  
2 for all other decisions.  

Timeliness of data (and 
information products) 

Not available at the time 
of the decision. It 
delayed decision with at 
least 3 months 

Available at the time of 
the decision 

Available in real 
time 

2, for all decisions 

Degree of data processing Raw data Tables, graphs, maps Information 
products with clear 
recommendations 
or decision 
directives 

3 for the decisions in Colombia and Ghana; 
2 for all other decisions 

Data (and information) quality and 
credibility 

Low Moderate High 3 for all decisions 

Data (and information) 
accessibility 

Not accessible to any 
actor other than the one 
responsible for data 
collection 

Restricted to certain 
actors (e.g. through 
password protection or 
indirect access) 

Freely accessible 
to all 

3 for decision making processes about resource allocation in Kabarole and 
Ntoroko; 
2 for other decisions 

Capacity to 
interpret and 
use data 

Individual capacity (skills and 
experience) of decision makers to 
use data in decision making 

Low  Moderate (possibly 
relying on external 
support)  

High  2, for all decisions 

Organisational financial capacity 
to use and act on data  

Low Moderate High 2, for all decisions 

Presence of systems, tools and 
procedures for processing data 
for supporting decision making 

None Ad-hoc systems, tools, 
and procedures  

Structural 
organisational 
systems, tools, and 
procedures  

2, for all decisions 

Institutional capacity in terms of 
level on linkage and trust between 
data collectors and data users 

Low level on linkage and 
trust between data 
collectors and data users 

Informal linkage and 
trust between data 
collectors and data 
users 

Institutional linkage 
with clear roles and 
responsibilities 
between data 
collectors and data 
users 

2, for all decisions 

Motivation to 
use data 

Personal interest in use of data  Low Moderate High 2, for all decisions 

Incentives for data use in decision 
making 

No incentives  Informal incentives  Formal incentives  2, for all decisions 

Evidence-based decision-making 
culture  

There is no or a weak 
evidence-based 
decision-making culture 

There is a moderate 
evidence-based 
decision-making 
culture 

There is a strong 
evidence-based 
decision-making 
culture 

2, for all decisions 
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3. FINDINGS FROM CASE STUDIES 

3.1 METHODOLOGY 

Five cases, corresponding to examples of decisions made in the water sector in four countries, were 
selected to test the framework and interrogate the degree to which decisions had been informed by 
data. The selected cases were selected to meet the following criteria:  
 

• They correspond to a specific decision associated with a clear function (e.g., policy, 
service authority or service provision), leading to an output. 

• Together, they represent a range of decision types: operational, planning and resource 
allocation, by service authorities and service providers.  

• They are associated with a particular data initiative studied in the first phase of the 
research, designed to influence (directly or indirectly) this decision.  

• Pre-existing connections and networks were already in place, for accessing decision-
makers and collecting data remotely.  

 
Figure 4. Overview of case studies included in phase 2 

Location  Summary of Case Study   

La Guajira, la Cauca 
and Nariño 
Departments in 
Colombia 

Data generated by SIASAR has been used to address previously unknown ‘blind-
spots’ in rural areas and to inform investment planning and funding decisions for 
water supply in Colombian service authorities. 

Asutifi North District 
Ghana 

Asutifi North District Assembly a district WASH master plan, informed by 2017 
baseline data. The master plan, and data from subsequent annual service 
monitoring rounds informed decisions by ANDA and its implementation partner 
World Vision related areas to prioritize for implementation of new boreholes. The 
master plan and service monitoring data have also informed the development of 
ANDA’s 2021-2025 Medium-Term Development Plan.  

Safe Water Network 
water service 
operations in Ghana 

Safe Water Network Ghana operates some 100 water stations serving some 
440,000 people via standpipes and household connections in Ghana. It collects 
records, transfers and processes data using various data systems and sources 
(e.g., mWater, the automated water dispensers) to inform regular operational 
decisions at water station, cluster and national levels. 

Bo district and Port 
Loko District, Sierra 
Leone 

Bo and Port Loko districts are part of a pilot for using WPDx tools for informing 
decision-making processes, including for their annual workplan process, to 
determine priority locations for rehabilitation and repair. 

Kabarole and 
Ntoroko Districts 
Uganda 

IRC Uganda and Caritas HEWESA supported the collection, analysis, interpretation 
and use of water data using Akvo tools, to inform planning and resource allocation 
as well as measures to improve water quality by service authorities in two Ugandan 
districts.  

 
For each case, the combination of document review and KII at multiple levels (local to national 
depending on context) enabled the scoring and documentation of each factor that is assumed to 
enable or hamper the use of data in decision making, using a common assessment framework. This 
was followed by a three-step analysis:  
 

• Step 1: Determining factor threshold values: for each factor, the minimum threshold value 
to be attained for each decision in order for data to be used in decision-making was 
determined based on literature and experience (shown in figure 2 above).  

 

• Step 2: Determining the degree to which factor threshold values have been met in the 
case studies. For each decision, the actual values of the factors were compared with the 
threshold values (identified during step 1). The factors which potentially hampered the use of 
data in the decision-making process were identified on that basis and the proportion of factors 
on which the threshold was met related to each decision-making process was determined.  
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• Step 3: Factor analysis. A factor analysis was carried out to enhance the understanding of 
the relationship amongst factors (influencing, depending). These factors were then plotted 
on in a matrix, based on their level of influencing and dependence on other factors. Factors 
which influence many other factors but are in turn not strongly influenced by these other 
factors, are considered the “leveraging” factors, as they have the potential to have a 
leveraging effect on other factors influencing the use of data in decision making.    

 

3.2  CASE STUDY OVERVIEW 
 
Each case represented 2 to 3 decisions (e.g., district-wide WASH planning, allocation of 
investments to build or rehabilitate water systems for unserved communities, operational decisions 
to manage water services), that utilised  various data sets that were derived from the data initiatives 
intended to be used in decision making.  
 
Case study findings are presented in standalone documents and summarized in Annex 1. Annex 2 
provides the detailed analysis of threshold values and limiting factors across all decision-cases. A 
brief overview is presented below: 
 
WPDx in Sierra Leone is the example of an effort to consolidate national water point inventory 
data, in order to generate up-to-date water point data and inform decisions related to water point 
construction and rehabilitation. In this case, the structural limitations (e.g., unclear institutional 
frameworks, confusion over roles and responsibilities, limited technical and financial capacities), 
coupled with the low personal interest of decision-makers, limited incentive structures in place to 
use data and lack of an evidence-based decision-making culture, have resulted in data not being 
updated and rapidly losing its relevance. Ultimately, data use has been low to moderate in 
informing annual planning decisions in the study districts of Port Loko and Bo. See case study 4 
for more information. 

 
SIASAR in Colombia is the example of an effort to systematically monitor rural water and 
sanitation services in the Departments of La Guajiro, Nariño and Cauca. Data generated was 
assessed to have informed moderately to highly the decisions to plan and fund access to 
drinking water of 10 indigenous farming communities and enabled the prioritisation of water 
access in 7 rural communities. Low capacity of decision makers in interpreting and using the 
data generated by SIASAR to inform decision-making process, necessitated high level of data 
processing in the form of information products with clear recommendations. The availability of 
accurate and relevant data in previously “rural blind spots”, was recognised as an important 
contribution in navigating the complex and highly politicised decision-making environment in 
Colombia, strengthen the evidence-based culture and ultimately, increase accountability. See 
case study 1 for more information. 

 
The cases of Asutifi North in Ghana and of Ntoroko and Kabarole districts in Uganda illustrate 
district-level planning and resource allocation moderately to highly influenced by evidence 
gathered through various rounds of data collection (using mWater in the Ghana case and Akvo 
Flow in the Uganda case). In both cases, extensive and holistic external support from NGOs to 
improve government-led monitoring and planning and other more complex incentive structures 
combined to result in strengthening of the full decision-making ecosystem and improved all steps 
of the data to decision chain (from data collection, to analysis, interpretation and use). These 
examples however raise important concerns over sustainability of the initiatives and related 
quesitons about the district’s ability to maintain organisational and financial capacity required for 
the evidence-based decision-making culture to persist overtime without external support. See 
case studies 2 and 5 for more information. 

 
Safe Water Network is a water operator in Ghana, which uses various data systems (including 
mWater) to inform its regular operational decisions at its various levels of operation: at station, 
cluster, and national levels. The case reflects an internally driven choice to generate relevant 
data of high quality and make it available in the appropriate formats to enable decisions. This is 
coupled with attention to capacity building on data interpretation and use, and the presence of 
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formal incentive structures, and provides an example of a short data production to decision loop 
leading to high levels of evidence-based decision-making. See case study 3 for more 
information.  

 

3.3 FINDINGS ON THRESHOLD VALUES 
 
The analysis across all cases reinforces the need for all factors to be at a minimum level for data 
to be used in decision making, reaffirming the systemic nature of these relationships and the 
importance of all factors in this process. It also reveals the specificity of each decision type and the 
various data requirements for each of the decision types (in terms of degree of processing, 
relevance, frequency). In short, each data to decision-making process is complex and unique. 
 
Planning and operational decisions have different levels of processing requirements. Whilst 
sub-national (district) planning processes require data to be processed into clear information 
products, with clear recommendations and decision directives; decisions related to prioritising areas 
for construction and rehabilitation only require data to be processed in the form of tables, graphs and 
maps. At operational level, raw data may suffice to inform daily operations, for example as is the 
case in SWN Ghana. The degree to which data needs to be processed, can also depend on other 
factors such as individual capacity. In Colombia, the required degree of processing was believed to 
be high to inform decision making processes, because of low individual capacity of decision makers 
in interpreting and acting on the data.  
 
Data and information products are usable in decision making processes when they are 
available at the time of the decision, of good quality, relevant, presented in an accessible 
format and collected at the appropriate scale and frequency to inform a particular decision.  
For data and information products to be relevant for sub-national (district) planning processes, it 
needs to present the current situation as well as the challenges related to water service provision. It 
should be current (i.e., less than a year old) and be representative of the entire sub-national (district) 
unit. For data to be relevant for informing more detailed decisions on siting of new facilities or 
rehabilitation of existing ones, data from all assets in the sub-national (district) unit should ideally be 
combined with population data in order to identify  areas or communities with the highest need.  
 
For data to be useful for informing operational decisions related to water service provision, 
operational data are required from all relevant schemes on at least a monthly basis at managerial 
level and more or less in real time at technician or operational level, as highlighted in the SWN 
case. In order to inform measures to mitigate the impact of water quality challenges, water quality 
is required but can be collected on a less regular, but periodic basis from selected assets.  
 
Individual, organisational, and institutional capacities are fundamental. For data to be used in 
informing decision-making processes, decision makers should have the capacity (skills and 
experience) to interpret and use the data. Furthermore, organisations involved in the decision-
making process, should have systems, and tool in place for processing data into useful information, 
which can inform decision making. This can include decision support tools (like the decision support 
tools of WPDx), or relatively simple excel sheets, like the ones developed and used in Ghana, to 
combine asset and population data.  
 
Personal interest, motivation and incentives are key for decision-makers to engage in data 
and use data for decision making. For data to be used in informing decision-making processes, 
decision makers should also have an interest in the use of the data and/or information. There should 
be at least informal incentives for data use in place, like increased prestige or the ability to attract 
funding. Formal incentives can include formal requirements and procedures for use of data in specific 
decision-making processes, as described in government directives, or formal resource allocation 
processes which put the use of data in (planning) decision making process as a prerequisite for 
resource allocation or in job descriptions.  
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3.4 FINDINGS FROM THE FACTOR ANALYSIS 
 
In order to determine the relationship between factors and identify influencing factors and those 
factors that are dependent on others, an  analysis was conducted across the cases, based on 
combined insights. The degree to which each factor influenced the other (12) individual factors was 
assessed and scored as follows: 0 (no influence) or 2 (influence).8 The overall score per factor 
enabled the determination of its relative level of influencing and/or dependence upon other factors 
(out of a total 24 points). The full assessment is available in Annex 3. 
 
Through this analysis, the researchers found that: 

• The four factors having the highest influence on other factors were: the existence of an 
evidence-based decision-making culture (20/24), the organisational financial capacity 
(16/24), the institutional capacity (16/24) and the individual capacity (14/24).  

• The four factors found to be highly influenced by other factors were found to be: personal 
interest (20/24), data timeliness (16/24), evidence-based decision-making culture (16/24) 
and data quality (14/24).  
 

It is important to note that “evidence-based decision-making culture” is both the factor with the 
highest influence on others, and amongst the factors that are highly influenced by others. This 
highlights the loop-relationship amongst factors: 

• The establishment of an evidence-based decision-making culture can result from the 
combination of various factors including the existence of relevant data, packaged 
adequately which raises interest amongst decision-makers and leads to the introduction of 
adequate incentives.  

• At the same time, the presence of an evidence-based decision-making culture is likely to 
lead to the introduction of appropriate incentives, stimulate personal interest and capacities, 
and result in the collection and relevant data adequately packaged.  

 
Based on these findings, a direct influence and influence map was developed to present the 
relationship between factors in figure 5.  
 
Figure 5: Direct influence and dependency map of factors influencing the use of data in 
decision-making 

 
8 Factor analysis normally identifies levels of influencing and dependence by attributing 1, 2 or 3 scores. In 
this case, the level of information was not robust enough to justify this level of granularity. We therefore 
adopted a binary scoring.  
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The matrix shown in figure 5 highlights a number of important findings:  
 
Factors with a high level of influence and low level of dependency on other factors are 
considered “leverage points” and are the factors which, when they are addressed, may have the 
highest impact on the system that leads to better use of data in decision making. These are 
presented in the upper left quadrant of the figure  and are:  

• Organisational financial capacity to allow for data use in decision making and acting on the 
data; 

• Institutional capacity, in terms of formal and informal relationships and trust between data 
producers and users/decision makers; 

• Individual capacity of decision makers to interpret and use data for informing decision 
making processes;  

• The degree to which raw data is processed into useful data and information products 

• Incentives for data use.   
 
Evidence-based decision-making culture and Personal interest are factors that need to be 
protected, as they have both high influence as well as high dependency on the other factors. This 
means that, where possible, action should be taken to ensure that personal interest in data use and 
the presence of an evidence-based decision-making culture are maintained, where these are in 
place.  
 
The Use of data (the outcome factor) and Timeliness of data are highly sensitive, with high 
dependency but limited influence on the other factors (bottom right-hand quadrant).  
 
The case studies have shown that the assessed factors that influence the use of data in decision 
making, are not only influenced by themselves as a group, but also by other factors, outside of our 
bound conceptual framework.  
 
External support for example may not directly influence the use of data in decision making but may 
influence several of the factors that do. In Asutifi North (Ghana) and Kabarole (Uganda) for example, 
external support to master planning processes have strengthened capacity and facilitated availability 
of usable data and information products (which in turn have contributed to increased personal 
interest in data and the development of an evidence-based culture). Without such intensive and 
continuous external support, it is questionable whether the same outcomes would have been 
achieved.  
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Furthermore, in addition to the identified factors, personal interest in the use of a specific data set or 
information product, also depends on political priorities and interests of decision makers and on 
the availability of other (alternative) sources of evidence. In La Guajira, Colombia, for example, 
interest in the use of SIASAR data in the PDA was low, as data from other national databases had 
been processed and analysed by consultants as this  information is more easily understood by 
decision-makers.  
 
Finally, data characteristics can be influenced by a demand for data for accountability. A higher 
demand for data for accountability can, for example, effect what kind of data is collected (data 
relevance), when, how and to what degree it is processed and who has access to this data.   Data 
collection exercises, especially the ones initiated from national (or global) level (e.g., SIASAR in 
Colombia and the water point mapping exercises in Sierra Leone) often have the dual objective of 
informing planning processes and enabling or increasing accountability. 
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3.5 CROSS-CUTTING FINDINGS  
 
The analysis of the case studies, combined with the systematic factor analysis, enables the following 
conclusions to be drawn regarding the use of data in decision-making, in the WASH sector.  
 
Finding 1. Evidence-based decision making in the WASH sector is indeed influenced by a set 
of complex and interrelated factors.  
 
This research has focused on determining the strength, relative importance and relationship between 
factors falling in three broad categories: the data itself, the capacities to utilize the data; and the 
motivation to engage with and use this data in decision-making. These factors were proven to be 
relevant, and no additional factor was been identified through the research, as directly informing the 
use of data into decision-making. However, other factors such as external support, the level of 
political priority or interest or the availability of other sources of evidence have were identified as 
influencing the set of factors therefore considered as indirect influencing factors.   
 
The research has also confirmed the non-linear and complex interrelation amongst factors at play, 
for example: 
 

• A high interest in data by decision makers can result in the introduction of incentives to 
encourage data collection and use in decision making. This is illustrated by the example of 
SWN in Ghana, where management’s belief in evidence-based decision-making has led to 
the creation of incentives to regularly collect and use data in the organisation.  

• The availability of relevant and high-quality data can contribute to reducing political bias and 
creating a data culture, itself leading to the development of appropriate systems to continue 
generating and using data for decision-making, as illustrated in Colombia.   

 
Finding 2. Data needs to be credible and processed adequately to meet specific decision-
making needs.  
 
Data needs to be relevant, up to date, at the right scale, of good quality and packaged adequately, 
to be owned, considered credible, be trusted and ultimately, be used by decision-makers.  
 
Different types of decisions warrant different data and information needs and in general, the level of 
data processing will vary depending on the decision it seeks to influence:  
 

• At a tactical or operational level: raw data can be sufficient to meet users’ needs, as is the 
case at water station levels within SWN Ghana which collect operational data and act upon 
it immediately. 

• At a more strategic level, highly processed information products will be required to stimulate 
interest and engage decision makers. In some cases, it is also very useful to counter the 
limited capacities to engage with raw data or granular information. This has been the case 
in Colombia where highly processed information has been required to inform decisions. 

 
When the decision is the starting point in the process and data is collected to meet a specific need, 
it is more likely to be used in decision-making. This is the case in the WASH master planning in 
Ghana where data was collected specifically to inform this process or in the case of SWN Ghana, 
where operational data is collected to inform operational decisions and the feedback loops are short.  
 
Finding 3. Systemic external support can play a role in increasing capacities to collect, use 
and interpret data.  
 
At least a moderate level of broad individual, organisational and institutional capacity (both technical 
and financial) needs to be in place, for data to be used in decision making.  
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• This capacity can be supported or indeed supplemented by external actors and is more 
effective when it is systemic and focused on strengthening the data culture as a whole: from 
data collection to cleaning, processing, understanding, and using. This takes time (and 
funding) and calls for a long-term presence of support organisations, for example  in Asutifi 
North or Kabarole districts where IRC has been present for over 10 years. In these cases, 
the extent to which a data culture has genuinely been established will only be proven with 
time and through the adoption of continuous monitoring and data use, and ultimately when 
such levels of external support are withdrawn.  

 

• Case studies have shown that where this capacity support has not been so holistic (for 
example, solely focused on data collection or only targeting district data collectors as in the 
case of Sierra Leone) and shorter term, capacities tend to be more dependent on individuals 
and therefore are usually more fragile.     

 
Systemic financial capacity constraints and limited flexibility of available funding remain central 
issues, regardless of individual and organisational technical capacity. These are generally low and 
the extent to which data can influence financial allocation is limited by the national financial position 
and fiscal systems in place, especially for fiscal decentralisation. To a large extent, even when 
decision-makers are convinced by the need for decisions to be evidence-based, limited, and 
earmarked central government funding remains the driving force behind local decisions. This was 
observed in Ghana, Uganda, and Colombia.  
 
Finding 3a. Ensuring individual, organisational and institutional capacity for use of data in 
decision making can have a leveraging effect 
 
Ensuring high levels of individual capacity of decision makers in interpreting and using data in 
decision making, can have a strong leveraging effect on the other factors enabling data use in 
decision-making, as it may for example increase personal interest in use of data, resulting in demand 
for relevant, high quality, timely data, and in ensuring funding and logistics for enabling this.  
 
Likewise, institutional capacity related to relationships between data producers and users was found 
to be a potentially strong leveraging factor. Strengthening this factor for example could be done 
through ensuring involvement of decision-makers in the design and implementation of data-
collection processes. Another pathway may be to train a cadre of data analysts and ensuring that 
their profile and roles are embedded into local government structures with a mandate for water and 
sanitation planning. 
 
Finding 4. Incentives can take different forms and play a leveraging role in ensuring data 
use in decision-making.  
 
The cases illustrated a range of incentives, for stakeholders to use and engage with the data, 
including formal incentives such as the planning guidelines for developing a MTDP in Ghana, 
performance reviews and rewards in SWN Ghana, requests from funders to justify resource 
allocations in Colombia and informal incentives such as the prestige of providing reliable data in 
Uganda.  
 
Ensuring that formal incentives for data use are put in place, can increase personal interest in data 
use, and in turn, have a positive effect on willingness of decision makers to allocate funding for 
ensuring relevant, high quality data production and processing on a continuous basis.  
 
Finding 5: Evidence-based decision-making culture is critical 
 
This research has highlighted evidence-based decision-making culture as a foundational factor 
which highly influences all others. A strong evidence-based decision-making culture is likely to lead 
to the introduction of appropriate incentives to use data in decision making; to mobilise the adequate 
financial resources to strengthen individual, organisational and institutional capacities and to develop 
the required processes for high-quality and credible data to be collected and analysed at the 



   
 

16 
 

appropriate frequency and at the right degree of processing. However, it has also demonstrated the 
dependence of evidence-based culture on other factors, thus reinforcing the inter-connected nature 
and complexity of relationships amongst factors.  
 
Engaging with and influencing the evidence-based decision-making culture is complex and forces 
an engagement with other behavioural and deeply-rooted elements such as the political economy, 
culture, history, relationship to accountability and patronage systems, amongst many others.  
 
Attempts to strengthen the evidence-based decision-making culture in any given context will require 
a more careful consideration and understanding of these elements. Systemic changes are required 
at multiple levels and take a long time to put in place, well beyond the scope of individual water and 
sanitation related interventions.  

4. CONCLUSIONS 

The use of data in decision making in the WASH sector is a complex process, which is influenced 
by a set of factors that can be grouped in three categories related to data characteristics, capacities, 
and motivations to engage and use this data for decision making.  
 
This research has highlighted the importance of all factors needing to be at least at a base-level, 
for data to be effectively used in decision making. It has also identified factors playing a particularly 
influential role on others, notably the existence of an “evidence based decision-making culture”, 
which may appear rather conceptual and difficult to engage with but is critical to the creation of other 
influential conditions such as incentives, motivations, and personal interest. It has also identified 
factors playing a “leveraging role” (highly influential and with limited dependency on other factors), 
such as organisational and institutional capacities. These can be acted upon more easily, through 
systemic support, but it takes time and long-term funding to strengthen these factors.    
 
These findings have reinforced the non-linear and systemic understanding of the relationship 
between data production and decision making and the need for all stakeholders (e.g., data 
initiators, external support agencies) to engage with this broader system and tackle all aspects of it, 
for their initiative to be meaningful and useful (and for improved data to be actually used in decision 
making).  
 
A revised conceptual framework has been developed on the basis of these findings and is presented 
in figure 6. It provides a new split between factors directly and indirectly influencing the use of 
data in decision making and highlights those identified as playing a leveraging role on others 
(with high influence and low dependence on others) as well as the factor having the highest influence 
on others (i.e. the existence of an evidence-based decision-making culture).9 
  

 
9 It also reflects the wording of factors considered in the research, for example the “evidence-based decision-
making culture” factor was previously embedded in various other factors and is now explicitly presented.  
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Figure 6: Revised conceptual framework 
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5. RECOMMENDATIONS  

The research has shown that every decision-making case presents a different scenario with a 
specific combination of data needs, engaged stakeholders and key factors at play in supporting or 
enabling the use of data.  
 
It has also shown that in order for data to be used in decision making all factors (related to data, 
capacities and motivations) should at least be at a threshold level; and that capacities and incentives 
are particularly leveraging factors in the use of data for decision-making. These findings have 
confirmed the research’s starting point and initial assumption, that initiatives solely focused on 
generating or improving data (i.e., considering the ‘supply side’ of the equation) are unlikely to result 
in improved decision-making unless other conditions related to capacities and motivations are not in 
place and/or strengthened in parallel (i.e., the demand side). 
 
In order to operationalize these lessons, three checklists have been developed from the perspective 
of three inter-connected audiences engaged in various capacities with “data initiatives”, to guide 
reflections and ensure the initiative has the potential for effectively influencing decision-making:  
 

• Funders interested in commissioning or investing in data initiatives. What questions 
should they be asking about proposals that are presented to them by grantees or those 
seeking funding to develop tools, data platforms and data initiatives? What are the key areas 
to explore in order to ensure that their investment will have traction and actually benefit 
decision-making processes?   

• Organisations which initiate interventions or design tools or approaches that generate 
or collate data. What should designers be thinking of when they have an idea for a data tool 
or seek to bring one to the marketplace? And what questions should organisations stimulating 
and supporting data collection ask themselves to ensure data is actually useful and used?   

• Data users. End users of data will vary, but typically in the water and sanitation sector we 
can identify those government entities at national and local level who use data for policy and 
planning purposes, as well as operators who use data for more operational decisions. The 
following three levels of decision-making, which will require different types of data in different 
formats can be identified: 

o Enabling environment: this includes policy makers and planners making decisions 
regarding sector approaches, targets, investment planning and funding allocations, 
as well as normative functions such as regulation. These decisions are generally 
carried out by national level players such as government ministries and other 
agencies such as standard setting bodies or regulators.  

o Service authority: decisions relating to monitoring, regulation, and oversight of 
service providers, planning and coordination and to an extent budgeting and resource 
allocation of decentralised public funds earmarked for wate and sanitation. In most 
countries, service authority functions are carried out by local government (e.g., 
district, commune, municipality etc.), but in some cases these functions may be 
aggregated to the level of a cluster of local governments, or in the case of smaller 
countries, may be retained at national level.   

o Service provision: decisions on the daily management of services, administration 
and including operation, maintenance, and management of assets. These are usually 
taken by operators of services, which may be community entities, informal operators 
or utilities, which may be public or private, or a combination of the two
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5.1 CHECKLIST FOR FUNDERS 
 
Before considering funding a new data initiative, funders should require recipient grantees to demonstrate a clear understanding of current decision-making processes 
as well as an ability to contribute to these processes systemically, not just through the production of data, but also through the strengthening of capacities, 
motivations, and incentives. Through discussions and in analyzing proposals, a funder can use the following checklist to assess whether these aspects are 
understood, carefully assessed, and documented as part of the development of a new data tool or product.   

 
Objective 1: Decision-making processes are well understood. The grantee can demonstrate a clear and context-specific understanding of the decision- making processes in a given 
context and this analysis is documented.  

Issues to consider Lead questions 

The grantee understands the 
decision-making process in the sector 
and the stakeholders involved in 
these decisions; the data already 
collected and needed and the extent 
to which incentives and motivations 
are in place.   
 

• Is the data initiative clear on roles and responsibilities in the water and sanitation sector (who is responsible for planning, resource 
allocation, service management)?  

• Has the data initiative assessed other existing monitoring efforts and determined the gaps (type of data collected, volume, system used, 
gaps)? 

• Has the data initiative determined the extent to which the new initiative will complement and align to existing systems/processes?  

• Does the data initiative have good insight in the level of interest of decision makers in using data, as well as in other factors that may 
influence decision making (e.g., political issues)? 

• Does the data initiative have good insight in the formal and informal incentives – or disincentives in place for decision makers to use 
data?  

• Does the data initiative have good insight into whether there is an evidence-based decision-making culture in the specific context it is 
engaging in?  

Objective 2. The initiative is tailored to data needs and users are involved in the design process. The grantee has analysed data needs of specific decision-makers (in terms of 
quality, frequency, information products) and has involved decision-makers into the design.  

Issues to consider Lead questions 
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through examples of uses for the 
intended data users, grantees can 
demonstrate a clear understanding 
of the data needs, identified in 
conjunction with users.  

 

• Is the data initiative clear on the relevance of the data to be collected for the decisions it seeks to inform?  

• Is the data initiative clear about who are the data producers and users and how these relate to each other?   

• Will the data initiative intend to facilitate or utilise a series of data dialogues or other platforms to share and discuss key findings and 
potential corrective measures?    

• Has the data initiative already consulted stakeholders, including potential users of data at different levels, to ensure data relevance?   

• Does the data initiative consider timing of data production in line with the timing of decision-making processes it intends to inform?   

• Is the data initiative clear on how data will be processed and analysed and in what format? Does the data initiative account for the 
preferred format of data users?    

• Is the data initiative clear about the amount of data that will be collected? Is this in line with the data needs from decision makers?  

• Is the data initiative clear on the required data quality for informing decision-making processes and the amount of data cleaning and 
processing that need to be done to achieve this?  

• Is the data initiative clear on data cleaning procedures?    

• Is the data initiative clear on how different data users can access the produced data and information and has it taken this into account 
in making data and information available?  

• Does the data initiative consider timing of data production in line with the timing of decision-making processes it intends to inform?  

Objective 3. Capacities and incentives are in place to ensure data can be used over time. The grantee has mapped the individual, organisational and institutional technical and 
financial capacities for collection, interpretation and use of data to inform decisions. Where gaps are identified, the grantee develops a plan to strengthen these capacities and ensuring 
availability of funding. This does not necessarily mean that all limitations should be addressed by a technology-focused organization, but that systemic limitations for data to be used in 
decision-making are addressed in parallel, through other mechanisms.  

The grantee has a good understanding 
of individual, organisational and 
institutional capacities required and 
available for interpreting and using 
data for informing decisions and 
addressing capacity challenges and 
have a strategy for strengthening 
capacities and stimulating 
interest/incentives when needed.  

 

• Does the data initiative consider the capacities, resources, mechanisms and systems needed ensure ongoing data collection, cleaning 
and processing, so that data is available at the adequate frequency?  

• Is the data initiative clear on whether intended users of the data have the financial and logistical resources required to continuously act 
on the data?   

• Is the data initiative clear on the capacity (educational/technical background, experience) of the intended data users related to 
interpreting and using the data and information products? (e.g., have they undertaken a capacity assessment highlighting this)?  

• Does the data initiative intend to build on and/or strengthen institutional frameworks for data production, as well as for use of this data in 
decision making processes? 

• Does the data initiative have a plan for capacity building, not only for data collectors, but also of decision makers/potential data users, in 
interpreting and using the data and information products for informing decisions (where needed)? 

• Does the data initiative have a plan for putting in place or strengthening incentive structures and mechanisms for decision makers to use 
data? 

• Does the data initiative have a plan for strengthening the evidence-based culture?  

• Does the data initiative have a plan for enhancing interest in data use by decision makers?   
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5.2 CHECKLIST FOR DATA INITIATORS  
 
Before considering bringing a tool to the marketplace, organisations which initiate interventions or design tools or approaches that generate or collate data should 
ensure their initiative is developed on the basis of a thorough diagnostic of the current decision-making processes, current data use and gaps; technical and financial 
capacities; involves data users from the onset, to guarantee relevance, ownership and interest and emerge from demand and need. In addition, careful consideration 
should be given to the systemic factors influencing decision-making, particularly related to capacities and motivations, as well as formal and informal incentives, to 
ensure any critical limitation is strengthened alongside the technical development of the data initiative.  
 

Objective 1: Decision-making processes are well understood. The data initiator  is  able to demonstrate a clear and context-specific understanding of the decision- making processes in 
a given context and this analysis is documented.  

Issues to consider Lead questions 

The data initiator has clarity on the 
decision-making process in the sector 
and the stakeholders involved in 
these decisions, alongside the data 
already collected and needed and the 
extent to which incentives and 
motivations are in place.   
 

• Is the data initiator clear on roles and responsibilities in the water and sanitation sector (who is responsible for planning, resource 
allocation, service management)?  

• Has the data initiator assessed other existing monitoring efforts and determined the gaps (type of data collected, volume, system used, 
gaps)? 

• Has the data initiator  determined the extent to which the new initiative will complement and align to existing systems/processes?  

• Does the data initiator have good insight in the level of interest of decision makers in using data, as well as in other factors that may 
influence decision making (e.g., political issues)? 

• Does the data initiator have good insight in the formal and informal incentives – or disincentives in place for decision makers to use data?  

• Does the data initiator have good insight into whether or not there is an evidence-based decision-making culture in the specific context it 
is engaging in?   

Objective 2. The initiative is tailored to data needs and users are involved in the design process. The data initiator has analysed data needs of specific decision-makers (in terms of 
quality, frequency, information products) and has involved decision-makers into the design.  

Issues to consider Lead questions 
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Through « use cases » for the 
intended data users, the data initiator 
is able to demonstrate a clear 
understanding of the data needs, 
identified in conjunction with users.  

 

• Is the data initiator clear on the relevance of the data to be collected for the decisions it seeks to inform?  

• Is the data initiator clear about who are the data producers and users and how these relate to each other?   

• Does the data initiator intend to facilitate or utilise a series of data dialogues or other platforms to share and discuss key findings and 
potential corrective measures?   

• Does the data initiator  intend to consult relevant stakeholders, including potential users of data at different levels, to ensure data 
relevance?   

• Has the data initiator considered the timing of data production in line with the timing of decision-making processes it intends to inform?   

• Is the data initiator clear on how data will be processed and analysed and in what format? Does the data initiative account for the 
preferred format of data users?    

• Is the data initiator clear about the amount of data that will be collected? Is this in line with the data needs from decision makers?  

• Is the data initiator  clear on the required data quality for informing decision-making processes and the amount of data cleaning and 
processing that need to be done to achieve this?  

• Is the data initiator  clear on data cleaning procedures?   

• Is the data initiator  clear on how different data users can access the produced data and information and has it taken this into account in 
making data and information available?  

• Has the data initiator  considered timing of data production in line with the timing of decision-making processes it intends to inform?  

Objective 3. Capacities and incentives are in place to ensure data can be collected and used over time. The data initiator  has mapped the individual, organisational and institutional 
technical and financial capacities for collection, interpretation and use of data to inform decisions. Where gaps are identified, the data initiator has developed a plan to strengthen these 
capacities and ensuring availability of funding. This does not necessarily mean that all limitations should be addressed by the organisation that is initiating the data intervention but that 
systemic limitations for data to be used in decision-making are addressed in parallel, through other mechanisms.  

The data initiator has a good 
understanding of individual, 
organisational and institutional 
capacities required and available for 
interpreting and using data for 
informing decisions and addressing 
capacity challenges and has a strategy 
for strengthening capacities and 
stimulating interest/incentives when 
needed.  

 

• Has the data initiator considered the capacities, resources, mechanisms, and systems needed ensure ongoing data collection, cleaning 
and processing, so that data is available on continuous basis?   

• Is the data initiator  clear on whether intended users of the data have the financial and logistical resources required to continuously act on 
the data?   

• Is the data initiator clear on the capacity (educational/technical background, experience) of the intended data users related to interpreting 
and using the data and information products? (e.g., have they undertaken a capacity assessment highlighting this)?  

• Does the data initiator intend to build on and/or strengthen institutional frameworks for data production, as well as for use of this data in 
decision making processes? 

• Does the data initiator have a plan for capacity building, not only for data collectors, but also of decision makers/potential data users, in 
interpreting and using the data and information products for informing decisions (where needed)? 

• Does the data initiator  have a plan for putting in place or strengthening incentive structures and mechanisms for decision makers to use 
data? 

• Does the data initiator have a plan for strengthening the evidence-based culture?  

• Does the data initiator have a plan for enhancing interest in data use by decision makers?   
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5.3 CHECKLIST FOR DATA USERS 

Before agreeing to – and actively participating or engaging with – a data initiative, data users should leverage their position to ensure that the data initiative in 
quesiton is suitable to meet their needs and inform the decisions and decision-makers are empowered to play a central role throughout the design of the initiative.  

Objective 1: The data initiative is relevant and meets the needs to inform decision making. I 

Issues to consider Lead questions 

The data initiative 
builds on existing data 
availability and 
decision-making 
systems and 
contributes to these to 
meet the needs.  

• What decisions do data users  need data for and does the data to be collected through the data initiative align with these?   

• Has the data initiative consulted with data users at the national and sub-national levels to ensure its relevance to data users and other, existing, data 
frameworks already in use in the country? 

• When do data users require different types of data to be available to inform their various activities (i.e., monitoring, planning regulation, post-
construction support) and will the data initiative ensure these actors receive the data and information products in time to inform decision-making? 

• Does (local) government have the capacity to keep datasets up to date? Will the data initiative help setting up or strengthening systems and capacities 
to enable (local) government to lead ongoing data collection, processing, and analysis activities?   

• Will the data initiative ensure the production of suitable data and information products (e.g., raw data, tables, graphs maps, report, brief, factsheet etc) in 
line with the requirements of data users?   

• Will the data initiative put in pace the required systems and capacities to ensure continuous production of the required information products?   

• What breadth and depth of data do you require to inform decision-making? How detailed or disaggregated does the data need to be? Does the data 
initiative intend to (help) produce data of adequate breath, depth, and level of disaggregation?  

• Does the data initiative have (sustainable) processes and mechanisms in place to ensure the data is of a sufficient quality to ensure key stakeholders 
are confident in the accuracy and reliability of the collected data?  

Objective 2: The data initiative has the potential to lead to contribute sustainably, to evidence-based decision making  

Issues to consider Lead questions 

The data initiative has 
the potential to 
empower local 
government to play a 
central role throughout 
the data collection to 
data use process. 

• Is the data initiative aware of (potential) challenges that sub-national government face in accessing data, and has it taken this into account in making 
data and information available to different (potential) users? 

• Do data users and other key stakeholders have the capacity to interpret and using the cleaned datasets and information products produced?   

• Will the data initiative take sufficient steps to build the capacity of data users and other key stakeholders to interpret and use datasets and information 
products to inform decision-making? 

• Are the required resources (i.e., logistical, human, financial) available to use and act on data and information products?   

• Will the data initiative take sufficient steps to support / empower data users and other key stakeholders to ensure that required resources to use and act 
on data are available?   

• What systems or frameworks are already in place at the national or sub-national levels for data collection and for supporting data-based decision 
making and does the data initiative feed into, strengthen, or duplicate these?   

• Does the data initiative include formal tools (i.e., a decision-support tool) or methods to guide the analysis of cleaned datasets?   

• Are institutional arrangements / mandates clearly defined regarding roles and responsibilities across the data-to-decision-making process (i.e., data 
producers and data users) and does the data initiative align with and strengthen these?   

• What is the status of the existing relationship between data producers and data users, and are there any challenges here that the data initiative has not 
considered and should work to address?  
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• Will the data initiative facilitate or utilise a series of data dialogues or other platforms to share and discuss key findings and potential corrective 
measures?  Will the data initiative support citizens’ involvement in these platforms?  

• Does the data initiative have a plan and set of activities for enhancing interest in the use of data to inform decision-making?   

• Are there formal and/or informal structures in place that incentivise (or disincentivise) the use of data in decision-making (i.e., guidelines, financial 
rewards to having/collecting data)?  

• Does the data initiative account for these or does it intend to strengthen these?   

• Does the data initiative include activities to strengthen and sustain an evidence-based decision-making culture?  
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Annex 1. Case study overviews 

Case study 1: The role of SIASAR in Departmental-level decision making in Colombia 
 
In Colombia, decision-making for water supply and basic sanitation is primarily concentrated within the 
departmental and municipal levels, with oversight from the Ministry of Housing and Cities (MVCT).  In 
2017, the Sistema de Informacion de Agua y Saneamiento Basico Rural (SIASAR) was adopted to 
monitor the rural water and sanitation services and the departments of La Guajiro, Nariño and Cauca 
identified to pilot its implementation.10 This enabled the systematic data collection in rural areas, including 
areas that had not been mapped before and contributed to three decision processes:  
 

• The planning and funding of access to drinking water in 10 indigenous farming communities in the 
department of La Guajira, in 2018.  

• The prioritization of water access in seven rural communities in the Distrito Especial de Tumaco, 
department of Nariño, resulting in the expansion and improvement of water supply in 2017. 

• The planning and prioritisation of water supply constructions for the municipalities of Balboa, Patia 
and Mercaderes in the department of Cauca, in 2021.  

 
In the La Guajira and the Nariño case SIASAR provided new data, which was highly influential in 
informing the decisions, while in Cauca, SIASAR provided more robust data to re-affirm a decision 
already made (moderately influential).  
 
The figure below shows the assessed factors influencing the use of data in decision-making processes 
and the minimum required levels on these factors in order to enable the use of data in decision making 
(threshold value). The figure shows that for all three decisions, the threshold level is met on 86% of the 
factors in La Guajira and Nariño and on 100% of the factor in Cuaca.  
 

 
 
 
 

 
10 SIASAR is a public data system, developed as a joint initiative between the World Bank and several Central and Latin 
American governments to support the collection and analysis of up-to-date water, sanitation and hygiene data and 
contribute to sustainable service delivery and is now operating in 14 countries. 
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The findings have shown the following:  
 
Data characteristics:  

• Data collected through SIASAR is relevant, particularly for funding-related decisions; considered 
timely to inform the decisions studied and of high quality, particularly due to the external support 
made available. However, the quality of the data is dependent on external support which is likely to 
reduce beyond the pilot phase.  Data is also publicly accessible.  

• Limited reporting functions of the platform have called for complementary data to be used. Data is 
only relevant when it is up to date. However, only the Department of La Cauca expressed the 
intention of ongoing-mapping.  

• Because of low capacity of decision makers to interpret and use data in La Guajira and Nariño, 
tailored information products are vital to stimulate data dialogues to overcome technical capacity 
limitations. However, in Guajira, the information product that mainly informed the decision contained 
little SIASAR data, and in Nariño SIASAR data had not been processed into usable information 
products.   

 
Capacity to use the data:  

• National-level decision makers demonstrate high-levels of expertise and capacity and have trained 
departmental levels during the pilot phase. However, although trained on proper use of SIASAR, 
Departments have varying capacity to take-on data analysis following the pilot phase (with low 
capacity in La Guajira and Nariño and relatively high capacity in Cuanca) and a high reliance on 
external consultants.  

• The financial capacity to use and act on (SIASAR) data is high in all three cases. Resources are 
available from Minvivienda and external donors (development agencies). 

• Local government involvement in data-collection leads to high data quality and reliability and 
ensures needs-based decision-making. Where local government takes ownership of the system and 
leads data collection, the decision process is enhanced.  
 

Motivations to use the data:  

• Formal incentive to use SIASAR data in decision-making are not in place and SIASAR is not a 
nationally-applied and financially supported system (yet);  

• Nevertheless, there are increasing expectations and pressure to provide credible data to justify 
funding requests (from within government and donors), which can be conserved informal incentives, 
which contributes to growing the evidence-based decision-making culture in Colombia. 

 
Conclusion:  
 
Stakeholders recognise the importance of data, as the only way to navigate the complex and highly 
politicised decision-making environment in Colombia. To a large extent the existence of systems like 
SIASAR which provide accurate and relevant data where information is otherwise unavailable, have 
contributed to strengthen the evidence-based culture and increase accountability across the decision-
making chain.  
 
The success of SIASAR is however, partly dependent on external support (technical and financial), and 
its continuation will be a function of the growth of embedded capacity and interest at departmental and 
municipal levels.   
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Case study 2: Decision-making in Asutifi North District Assembly, Ghana  
 
In 2017, Asutifi North District Assembly (ANDA) led the participatory development of its district WASH 
master plan, informed by baseline data collected by ANDA staff, supported by IRC, funded by CNHF. This 
was followed by annual WASH service monitoring rounds using mWater, to monitoring progress made in 
the implementation of the master plan by ANDA and its partners, under its ANAM initiative. As 
implementation partner, World Vision has been collaborating with ANDA in the construction and 
rehabilitation of boreholes as per the Master Plan and informed by service monitoring data. In 2021, ANDA 
embarked on the development of its 2022-2025 Medium-Term Development Plan (MTDP). The intention 
was to use a new GIS system, which was under development with support from CNHF-funded ENVICOM. 
However, as this system was not fully ready at the time, the development of the MTDP was mainly informed 
by 2020 WASH service monitoring data.  
 
This case focuses on the following two decisions:  

1. The development of the water supply part of the 2022-2025 MTDP by ANDA, submitted to the 
National Development Planning Committee and the Regional Coordination Council in 2021;  

2. Decisions related to the selection of unserved communities for the implementation of new 
boreholes by World Vision and ANDA. 

 
Availability of transparent information has played an important role in diminishing political interference in 
implementation and strategic planning decisions. 
 
The figure below shows the assessed factors influencing the use of data in decision-making processes 
and the minimum required levels on these factors in order to enable the use of data in decision making 
(threshold value). The figure shows that for both decisions, the threshold level is made on the majority 
(93%) of factors.  
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The findings have shown the following:  
 
Data characteristics:  

• Data are overall relevant, of high quality, and timely, as well as well processed into useful information 
products. This is particularly the case for the MTDP, where data collected has enabled the district to 
go beyond “coverage” and assess the quality of service delivery. In turn, this has enabled the district 
to plan for safely managed services and take appropriate measures to increase financial viability.  

• However, although compiled information is accessible in the mWater console to all stakeholders, 
access to raw data is restricted, though available on demand. 

 
Capacity to use the data:  

• Individual capacity and systems, tools and processes for interpreting and use of data have been 
developed over the years. However, this is still very depended on  external partners. 

• Since 2018, CNHF has been providing financial (and technical) support to the district for the 
development and implementation of the district WASH Master Plan under the ANAM initiative. ANDA 
has also made financial resources available for implementation of new boreholes and rehabilitation of 
existing ones.  

• Involvement of ANDA staff in collecting service monitoring data has been instrumental in ensuring 
decision makers’ trust in the data.  

 
Motivations to use the data:  

• Several stakeholders express keen interest in the data and are using it to inform planning and 
implementation decisions.  

• As the 2020 National Development Planning commission (NDPC) guidelines for development of 
MTDPs specify the need for a clear and situational analysis based on data, preferably with maps and 
graphics, formal incentive structures can be considered to be in place to support the use of data in 
MTDP. However, such formal incentives are largely absent to encourage evidence-based 
implementation decision making.  

• Since the beginning of the ANAM initiative, a shift has been observed in the presence of an evidence-
based culture in the district. Where different organisations would previously go to communities 
themselves, nowadays organisations tend to approach ANDA for data and information for informing 
implementation activities 

 
Conclusion:   
 
The WASH master planning process initiated in 2017 has enabled relevant, timely, high-quality, and highly 
processed data to be available to decision makers. In doing so, it has strengthened individual capacity and 
interest in data and contributed to initiating an evidence-based decision-making culture in the district.  
 
Additional conditions are however required for this culture to persist and transpire beyond this process. The 
district remains reliant on external partners for data analysis, interpretation, and use; financial capacities 
are limited and restrict the districts’ ability to act upon data; formal and informal incentives are still lacking 
to generalise the use of evidence in all decision-making processes.  
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Case study 3: Operational decisions from Safe Water Network in Ghana  
 
Safe Water Network Ghana is a non-profit organization which implements and operates independent 
water stations. In Ghana, it is operating some 100 water stations serving some 440,000 people via 
standpipes and household connections. Data is collected, recorded, transferred and processed using 
various data systems and sources (including mWater and automated water dispensers) to inform 
regular operational decisions at three levels: 
 

1. At station level: water station operators and vendors make “simple” operational decisions 
relative to the scheme’s operation.  

2. At cluster level (a group of water stations): The Field Service Entries (FSE) make decisions 
related to issues beyond the capacity of the station operator, including major repairs.  

3. At national level: the management team make operational decisions related to support and 
staffing. Furthermore, investment decisions are made at this level.  

 
In all cases, data and information were highly influential in informing operational decisions (through 
instrumental use).  
 
The figure below shows the assessed factors influencing the use of data in decision-making 
processes and the minimum required levels on these factors in order to enable the use of data in 
decision making (threshold value). The figure shows that 100% of the threshold on conditions for 
use of data in decision making are met for operational decisions at cluster and national level, but 
only 64% of the thresholds are met at water station level.    
 

 
 
The findings have shown the following:  
 
Data characteristics:  

• A comprehensive set of highly relevant data of high quality is being collected (at water station 
level) and informs real-time operational decisions as well as reporting.  
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• The data is cleaned and processed at cluster level and communicated at national level, but this 
takes time. This sometimes results in (small) delays between station-level data collection and 
availability of clean data at national level.  

• Processed information is not fed back to station level. This is not a major challenge for 
operational decisions, as these decisions are mostly informed by raw data. However, access to 
processed information could enable operators determine whether they are on track to meet their 
targets and could therefore contribute to improved service provision (and accountability).  

 
Capacity to use the data:  

• Individual capacities for interpretation and use of data is lower at station level than at cluster and 
national levels.  

• At station level, operators mainly have access to the mWater system to input data, while more 
elaborate data systems, tools and procedures are in place at cluster and national level. SWN is 
currently investing in the creation of a ‘data warehouse’, to (further) improve systems, tools and 
processes for making data and information usable. 

• External agencies are still providing financial support to SWN and as a result, operations are 
relatively well resourced. Over time, SWN expects that water operations, including data 
collection and analysis to inform operational decision-making, will be fully funded through 
revenues from user tariffs.  

• Institutional capacity, in terms of relationships between data producers and users, is high, as 
data and information production and use take place within SWN and there are clearly defined 
roles and responsibilities of water station operators, FSEs and national level staff involved in the 
production and use of data and information for informing operational decisions. for data 
processing and analysis still relies on individuals, but  

 
Motivations to use the data:  

• The organisation provides clear incentives for the use of data in decision-making, for example 
the introduction of salary increments for well performing FSEs or the organisation of review 
meetings to compare performance. This has resulted in personal interest in the use of data.  

• Interest to use of data is generally high within SWN and there is a strong evidence-based 
decision-making culture, particularly at cluster and national levels. Within the organisation, there 
is a deep belief that having large quantities of high-quality data will provide useful insights for 
improved service provision. There is a strong push from global level for collection of high-quality 
data, to be used for informing decision making at different levels, and for accountability towards 
funders and financiers.  

 
Conclusion:   
 
This case is an example of a high level of data-based decision, within an organisation with a strong 
evidence-based decision-making culture, a high level of interest in the data and formal incentive 
structures in place to ensure data is produced and used.  
 
This has contributed to ensuring highly relevant, high quality data are available and accessible in the 
right formats for enabling decisions. However, the attention to data quality and the time required to 
enable decision-making means data is not always available in a timely manner.   
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Case study 4: The role of WPDx in district-level annual planning in Sierra Leone 
 
Following national water point mapping exercises in 2012 (paper-based) and 2016 (AKVO Flow-
based), led by the Government of Sierra Leone, the Water Point Data Exchange (WPDx) was 
introduced in 2018 as a freely accessible digital platform, for storing water point data from different 
sources and ensure this data is kept up-to-date by different data producers active in the country 
(including NGOs). More recently, WPDx introduced decision support tools which combine population 
data with water point asset data. These tools were piloted in Bo, Port Loko and Ketana districts as 
tools to support district councils prioritise the construction or rehabilitation of water points. This case 
study focuses on the decisions to develop annual plans and prioritise communities for implementation 
and rehabilitation of water points in Bo, and Port Loko districts.  
 
The degree to which WPDx data has influenced these decisions has been moderate in Port Loko and 
low in Bo. 
 
The figure below shows the assessed factors influencing the use of data in decision-making 
processes and the minimum required levels on these factors in order to enable the use of data in 
decision making (threshold value). It shows that on many factors, the threshold values had not been 
met, especially in Bo district, where the threshold had been met on only 36% of the factors, while it 
was met on 50% of the factors in Port Loko.   
 

 
 
The findings have shown the following:  
 
Data characteristics:  

• Data was in principle relevant to inform district-level annual planning processes, as it provides 
data on functionality, use and management of all water point, but most data was collected in 
2016 not updated since. It has therefore become irrelevant on aspects such as functionality and 
recent district sub-divisions.  

• The WPDx tools in principle provide proceeded data on areas to prioritise for new construction 
and rehabilitation, based on combined population and asset data.  

• However, stakeholders have doubts about the quality of the 2016 data, which forms the basis of 
the data available in the WPDx platform and used by the decision support tools.  
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Capacity to use the data:  

• Capacity building efforts to use WPDx have focused on training of mapping officers which 
play a limited role in decision-making as compared to other stakeholders (e.g., district 
engineers). 

• Roles and responsibilities for developing annual plans between the mapping officer and district 
engineer are not clearly spelled out, which has hindered collaboration between the district 
mapping officer and engineer in Bo district (while in Port Loko collaboration was established 
through mutual trust).     

• The organisational and financial capacity of districts in terms of equipment, financing, 
logistics and mobility resources is limited, which is a challenge for ensuring timely collection of 
(new) data, use of the platform and acting upon the data available.  

 
Motivations to use the data:  

• Individual interest in the data mainly lies with the people involved in monitoring processes, but 
interest by actual decision makers seems relatively low. 

• The directive from the Ministry requesting partners to share and use data was meant to act as 
an incentive for data production, sharing and use, but this has not resulted in improved 
processes.  

• There has been pressure from development partners, such as the African Development Bank 
(AfDB) and the Foreign, Commonwealth & Development Office from the UK (formerly DFID) to 
make decisions more on data-dated. However, the evidence-based decision-making culture at 
both national and district level has remained weak so far.   

 
Conclusion:   

This case study is an example of local decisions intended to be informed by a national inventory. 
However, keeping the data up to date had proven a challenge. By making a comprehensive data set 
available through a national inventory done in 2016, the assumption has been that decision-makers 
at district levels would have become more interested in using this data to inform decision-making, 
but this does not seem to have been the case. Interest in use of data remains low and decisions are 
often driven by political considerations, rather than by data.  

Capacity building activities have been relatively narrow, focused on building capacity of those in 
charge of data production, rather than including data users in the process, to increase their ability to 
interpret data and make use of it. With the lack of a strong institutional framework on linkages 
between data producers and users, collaboration between data producers (e.g., district mapping 
officers) and users (e.g., district engineers) was found to be largely informal and driven by 
interpersonal relationships. 
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Case study 5: Strengthening evidence-based decision making in Kabarole and 
Ntoroko districts in Uganda  
 
In Uganda, decision-making for water supply and sanitation is primarily concentrated within the 
District Local Governments. IRC Uganda and Caritas HEWESA led the implementation of a series of 
long-term measures in Ntoroko and Kabarole Districts to strengthen government monitoring and 
evidence-based programming. These activities, and the data that was collected and analysed as part 
of these initiatives, informed decision-making processes, including: 
 

• Planning and resource allocation for the construction of new water supply facilities in 28 villages 
in Ntoroko district in 2018/2019.  

• Planning and resource allocation to expand a piped water supply scheme to Kabarole’s Kabende 
Sub-County in 2019/2020. 

• Adoption of measures to mitigate the impact of water quality challenges, including the investment 
in chlorination system and community-level water protection activities (e.g., catchment 
protection).  

 
These decisions were highly informed by the datasets, as they either fundamentally shifted a 
decision-making process (e.g., water quality measures) or improved a decision, for example to 
increase equitability of investments.  
 
The figure below shows the assessed factors influencing the use of data in decision-making 
processes and the minimum required levels on these factors in order to enable the use of data in 
decision making (threshold value). The figure shows that for all three decisions, the threshold is met 
on the majority of factors (on 93% of the factors for decisions in Kabarole, on 100% of the factors in 
Ntoroko). 
 

 
The findings have shown the following:  
 
Data characteristics:  

• Data was comprehensive, timely and, of quality, highly relevant to the intended audiences and 
led to the production of tailored information products, well disseminated through wide “data 
dialogues”.  
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• The collection of district-wide data ensured data sets provided a comprehensive picture of the 
district and limited the possibility of undermining data.   

• Data were processed into tailored information products, which enabled decision makers to 
engage with data.  

 
Capacity to use the data:  

• Long-term external support from IRC Uganda and Caritas HEWESA enabled holistic 
strengthening of the data to decision-making chain (from collection to interpretation and use), 
increasing decision-makers’ ability to engage meaningfully with data.  

• Although individual capacity has been built through the process, important organisational 
capacity (e.g., computer and internet access) and financial (e.g., limited say in funding 
allocations) challenges remain and limit districts’ ability to use the data in the long term.  

• The close involvement of district staff in selecting the indicators and collecting the data led to a 
high degree of confidence in data quality and reliability. This maximised ownership and 
decision-makers’ willingness to use findings to inform decision-making.  

• Data dialogues were held at multiple levels, to introduce decision-makers to findings and 
increase their support for taking actions.  

 
Motivations to use the data:  

• Key stakeholders displayed considerable interest in the datasets, resulting from the combination 
of formal (e.g., district grant payments indirectly tied to the availability of reliable data) and – 
more importantly – informal incentives (e.g., ability of the district water officers to gain prestige 
and influence over decisions is contingent on the presentation of reliable datasets).  

• Together, these incentives have contributed to the creation of a strong evidence-based 
decision-making culture, also strongly influenced by the district WASH master planning process 
in Kabarole District.  

 
 
Conclusion:   
 
This case illustrates district-level decision-making processes highly influenced by data, as a result of 
the combination of a holistic external support and other incentive structures. 
 
Indeed, external support from NGOs enabled the full data to decision chain to be strengthened and 
ensured decision-makers had the ability to engage with it. This was coupled with more complex 
incentives which contributed to creating a data culture.  Although motivation structures are in place, 
the ability for district officers and decision makers to maintain evidence-based decision-making 
without external support, is contingent on a combination of increased organisational capacity (e.g., 
computers, internet access), financial capacity and flexibility to use funding (i.e., ability for data to 
lead to different financial allocations).  
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Annex 2. Threshold analysis of factors influencing use of data in decision-

making 

Country 
Data of 
interest 

Decision case 
 Degree to which 
decision was 
influenced by data 

Limiting factors 

% of factors 
on which 
the 
threshold is 
met 

Sierra 
Leone 

WPDx data 

Annual workplan process in Port 
Loko district 

Moderate 

• Appropriate timing    

• Data timeliness   

• Data quality   

• Organisational: Financial capacity  

• Personal interest in data use 

• Incentives   for data use 

• Evidence-based decision-making 
culture 

50% 

Annual workplan process in Bo 
district 

Low 

• Appropriate timing of data   

• Timeliness of data 

• Data quality   

• Institutional capacity    

• Financial capacity  

• Individual capacity 

• Personal interest in data use 

• Incentives for data use  

• Evidence-based decision-making 
culture 

36% 

Colombia SIASAR 

The planning and funding of 
access to drinking water in 10 
indigenous farming communities in 
the department of La Guajira, in 
2018.  

High 
• Degree of processing    

• Individual capacity  
86% 

The prioritization of water access in 
seven rural communities in the 
Distrito Especial de Tumaco, 
department of Nariño, resulting in 
the expansion and improvement of 
water supply in 2017. 

High 
• Degree of processing    

• Individual capacity  
86% 

The planning and prioritisation of 
water supply constructions for the 
municipalities of Balboa, Patia and 
Mercaderes in the department of 
Cauca, in 2021 

Moderate 
•  

  
100% 

SWN 
Ghana 

SWN 
operational 
data 

Station-;level operational  decisions Moderate 

• Data quality   

• Accessibility of data 

• Data-based decision support 
systems and processes   

• Individual capacity 

• Personal interest in data use   

64% 

Cluster-level operational decisions High 
 
  

100% 

National level operational decisions High 
 

  
100% 

Ghana 

Data 
collected 
and 
processed 
in mWater 

 Medium Term Development Plan 
(2022-2025) decisions 

High 
• Accessibility of data (and 

information) 
  

93% 

Site selection for construction of 
new  water facilities in Asutifi North 
(2019) 

Moderate 
• Accessibility of data (and 

information) 
  

93% 

Uganda 

Data 
collected 
and 
processed 
in Akvo 
FLOW 

Planning and resource allocation 
decisions in Kabarole district 

High 

• Accessibility of data (and 
information) 

• Organisational: Data-based decision 
support systems and processes    

86% 

Planning and resource allocation 
decisions  in Ntoroko district 

High 
• Accessibility of data (and 

information) 
  

93% 

Measures to adapt to or mitigate 
the impact of water quality 
challenges in Kabarole District 

High 
• Data-based decision support 

systems and processes    
93% 
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Annex 3. Factor analysis 

Factor analysis scoring  Influenced / depending factors 

(0=no influencing / dependency, 1= some 
influencing / dependency, 2 = strong influencing 

/ dependency) 

Data characteristics Capacity to interpret and use data Motivations 

Data 
use in 

decision 
making 

Degree of 
influencing 
of the factor 

Relevance Timeliness 
Degree of 
processing Quality Accessibility Individual  

Organisational: 
Financial 
capacity 

Organisational: 
Data-based 

decision 
support 

systems and 
processes 

Institutional 
capacity  

Personal 
interest  Incentives 

Evidence-
based 

decision-
making 
culture 

  

Influencing 
factors 

Data 
characteristics 

Data 
Relevance x 0 0 0 0 0 0 0 0 2 0 2 2 6 

Data 
Timeliness 0 x 0 0 0 0 0 0 0 2 0  0 2 4 

Data Degree 
of processing 

0 
2 x 2 

0 
2 

0 0 0 
2 

0 
2 2 12 

Data Quality 0 2 0 x 0 0 0 0 0  2 0  0 2 6 
Data 

Accessibility 
0 0 0 0 

x 
0 0 0 

2 2 
0 

2 2 8 

Capacity to 
interpret and 

use data 

Individual 
capacity  

0 0 
2 

0 
2 x  0 2 2 2 

0 
2 2 14 

Organisational 
capacity: 
Financial 
capacity 

0 

2 2 2   2 x 2 0  2 

0 

2 2 16 
Organisational 
capacity: Data-
based decision 

support 
systems and 
processes 

0 

2 2 2 2 

0 0 

x 

0 0 0 0 

2 10 
Institutional 

capacity  2 2 2 2 
0 

2 0  2 x 2 
0 0 

2 16 

Motivations 

Personal 
interest  

0 
2 

0 
2 

0 0 
2 

0 
2 x 

0 
2 2 12 

Incentives 0 2 0 2 0 0 2 0 0 2 x 2 2 12 
Evidence-

based 
decision-

making culture 2 2 2 2 2 2 0  2 

0 

2 2 x 2 20 
  Data use in decision making 0 0 0 0 0 2 2 0 2 0 0 2 x 8 

  
Degree to which the factor is 
influenced (dependency of 

factor) 4 16 10 14 6 10 6 8 8 20 2 16 26   
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Data factor influencing other factors 
 
In several of the decision cases included in this study, data processing and assuring acceptable 
data quality took time, which influenced the timeliness of the data. In Safe Water Network for 
example, elaborate data cleaning and analysis processes sometimes cause (small) delays in data 
and information becoming available. This case also showed that data processing can influence data 
quality and credibility, as the data processing process helps with the data cleaning. This was also 
found to be the Ghana in Asutifi North in Ghana, where processing of the data into graphs and tables 
helped in identifying and addressing possible data mistakes.  
 
Accessibility of data and information products influenced institutional capacity in terms of 
relationships between data producers and users. In Uganda for example, access to information 
products enabled data dialogues, bringing together data producers and users (decision makers and 
the general public).  
 
All data characteristics were found to influence personal interest in data use. In Uganda for 
example, decision makers at the district water office expressed high interest in data and information 
products, which they considered relevant, timely and credible. The fact that the data was accessible 
and processed into usable information products also contributed to the interest of district level 
decision makers. In Sierra Leone on the other hand, the interest in the use of available water point 
data in informing annual planning processes was low, because it was considered out-dated and no 
longer relevant. Furthermore, interest in the WPDx data was low, as it was challenging to access 
because of internet connectivity constraints. In both Ghana and Uganda, the relatively high level of 
data processing was found to have increased interest in the data by decision makers at district level. 
Lack of accessibility of the data decreases interest. Safe Water station operators for example, had 
little interest in the information data they collected, as it was difficult   
 
Capacity factors influencing other factors 
 
Individual capacity (skills and experience) of decision makers in interpreting and using data in 
informing decision-making processes, was found to influence many of the other factors, including 
the degree of processing. Safe Water Network staff were, for example, found to have high capacity 
in interpretation and use of operational data for informing decision making, which further stimulated 
them to engage in high level of data processing. Individual capacity was also found to influence data 
accessibility. In Colombia for example, while gaining access to SIASAR is fairly simple, finding 
relevant data is quite tedious and challenging for an individual who has not been properly trained in 
the system. In Sierra Leone, mapping officers who had been trained managed to access water point 
data, while untrained decision makers did not. Individual capacity was also found to influence the 
presence of organisational systems, tools and procedures to support data-based decision 
making and institutional capacity, in terms of relationships and trust between data producers and 
users. In Asutifi North district, Ghana for example, decision makers’ capacity to interpret and use 
data contributed to the co-development of combined asset and community data by World Vision and 
ANDA and to the co-development of console by ANAM partners.  
 
Finally, individual capacity was found to influence personal interest and the presence of an 
evidence-based decision making culture. The low capacity of SWN station operators was for 
example considered as a reason for their low level of interest in using data in operational decision 
making at their level.  
 
The organisational financial capacity for processing, analysing, interpreting, using and acting on 
data was also found to influence many other factors, including timeliness, degree of data 
processing and quality of data and information products. In Asutifi North, Ghana, for example, the 
availability of funding support from CNHF allowed for external support (from IRC) to the district 
assembly in cleaning and processing data, making it available in time for informing the studied 
decision -making processes. Furthermore, it influenced other capacity related and motivation factors. 
Within SWN Ghana for example, strengthening of individual capacity of operational decision 
makers at different levels and development of systems, structures and procedures for 
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supporting data-based decision making was possible because funding was made available for 
this by the organisation. In Asutifi north district in Ghana and Kabarole district in Ghana, the 
availability of (external) funding for implementation of the district WASH master plan, developed 
based on district WASH data, increased the personal interest of decision makers in using data to 
inform decisions related to siting of areas for implementation of new and rehabilitation of existing 
boreholes.  
 
Presence of organisational systems, tools and procedures to support data-based decision 
making was mainly found to influence data characteristics, like the level of data processing, data 
quality and accessibility. Within SWN for example, the presence of such systems and procedures 
have contributed timely accessibility of highly processed data of high quality.    
 
Institutional capacity, in terms of relationships between data producers and users influences 
many other factors. Where this relationship is strong (e.g. in the Ghana Asutifi North and the 
Uganda cases), of where the line between data users data producers and users is blurry (e.g. in 
the Safe Water Network Ghana case), decision makers are more likely to have high personal 
interest in the use of data for decision making. They are more likely to be play a role in the design 
of parameters and indicators (and hence ensure data Relevance) and data is more likely to be 
processed and presented in useful ways for decision makers and systems, tools and processes 
for doing so are more likely to be in place. Furthermore, there are more likely to ensure good 
quality data is available in a timely way.   
 
Motivation factors influencing other factors 
 
Personal interest by decision makers in the use of data in decision making, and the presence of 
incentives were found to influence data timeliness and quality and financial capacity, with decision 
makers demanding good quality data at the time of decision making and willing to ensure allocation 
of financial resources for data processing and use. In Colombia, the lack of interest of municipalities 
in using data in decision making was for example found to have led to low willingness to invest in 
ongoing data collection and use. In SWN Ghana on the other hand, personal interest of cluster and 
nation level decision makers have resulted in pressure to get high quality data in a timely way. 
Personal interest in use of data can also influence institutional capacity. In Sierra Leone for example, 
the lack of personal interest by the district engineer in WPDx data in informing annual planning 
decisions influenced the relationship between the decision maker and the main person responsible 
for collecting data (mapping officer).  
 
The presence of incentives for data use in decision-making influences personal interest in use of 
data. In Colombia, personal prestige to influence decision making for example was a clear incentive 
for decision-makers to use data, which influenced personal interest in the use of data. In Asutifi North 
in Ghana, the fact that NDPC guidelines for medium term development planning state than planning 
should be based on a data-based situational analysis, serve as a clear incentive for data use in this 
process, which has increased decision-makers’ interest in use of data in this.  
   
The presence of an evidence-based decision-making culture influences most other factors.  
 
 
 
 
 
 
 
 
 
 
 

 


